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Proposal of a Cooperative Strategy Between Vehicles on Narrow Hilly Curved Roads Using Unity ML-Agents
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ltem Reward
Value
over the ‘leg‘a] speed -0.05
limit
Forward at appropriate 0.015
speed
Forward at low speed 0.002
Default Forward at very low 001
speed
Reward Crashing into a wall or 40
obstacle
Crashing into a car -5.0
Crashing into goal 9.0
Retreat -0.05
Added
Prolonged stop -0.1
0
45°
Angle 90°
135°
Sensor 1807
Start: 0
Vertical End: 0
offset Start: 1.8
End: -5.5
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